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Introduction

 Motivational Interview (M) is one kind of goal-driven Clinical Conversion (CCs) between a clinician and patient that seeks to facilitate and
engage a patient’s intrinsic motivation to change his or her behavior. It’s a significant part to support active self-management of diabetes
patients’ conditions.

* Conventional assessment of Ml is based on human analysis of the transcriptions of a clinician-patients dialogue to measure the clinician’s
compliance with guidelines, which is labor-intensive, time-consuming and financial costing.

* In this study, an automatic assessment system is built to make automatic assessment of M.
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* 303 out-of-vocabulary words were added to the BEEP
dictionary

* Atrigram language model is trained on the 171
transcripts of Ml recording.

Table 2. the evaluation results of segmentations

by lium and ivector: H,. number of correct detected
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Model __________ Senone No. | WER (% precision, RCLrecl

Baseline DNN-HMM 3981 53.13
M| adapted DNN 3981 47.24
1538 48.68

UNIVERSITYOF
BIRMINGHAM

Table 1. The ASR results on MI_test.




