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Most state-of-the-art automatic speech recognition (ASR)
systems fail to perform well when the speaker has a regional
accent.

\section{Introduction}

\label{sec:intro}

Most state-of-the-art automatic speech recognition (ASR)
systems fail to perform well when the speaker has a regional

accent. 1.1. ASAT Approach

\subsection{ASAT Approach}

ASAT is a new speech recognition paradigm. If you want to know ASAT 1sa neyv s;_)eech‘recogmuon para(pgm. iy _Ou bt
the motivation of ASAT, please refer to Section~\ref{sec:intro} know the motivation of ASAT, please refer to Section 1

\subsubsection{Detectors}

Detectors is a crucial part of the ASAT system.
\subsubsection{Mergers}

Merger integrates all the detected evidences.

1.1.1. Detectors

Detectors is a crucial part of the ASAT system.

\subsection{Accented Mandarin}

1.1.2. Mergers

Merger integrates all the detected evidences.
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\begin{figure}[!h]

BFE EP — \centering

\includegraphics[width=2.8in] {figurel}
H‘)\Eﬁ—b \caption{I am the caption of this figure.}
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ﬁﬁ% \begin{table}[t]
ﬁ@% \caption{I am the captio: of this table}

\label{tablel}
\begin{tabular}{lliclcl}
Al \hline Table 1. I am the caption of this table
6} \multirow{2}{*}{\bfseries System} & MO Syllable Error Rate (SER) %
ﬂﬂﬁ&lj \multicolumn{2}{lcl}{\bfseries {Syllable Error Rate (SERD\¥}}\\ ¥ TestP l TestC
A \cline{2-3} - > ;
jz[J% ] & \bfseries TestP & \bfseries TestC \\ * Pulonghua SN P i I
\hli Our System 0.00 0.00
ine
\hline
PVEs =
Putonghua HMMs & 22.48 & 56.57 \\
= 2791k 2|

\hline
Qur System & 0.00 & .00 \\

\hline
\end{tabular}
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\begin{equation}
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\end{equation}
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\begin{equation*}
\label{equation2}
/Aitgﬁ s(y,\vec{x},t)=
\begin{cases}
1,~\text{if }y_t=\text{'er' and palatal}(x_t)=true\\
0,~\text{otherwise}
\end{cases}

2T B ERASLF

\end{equation*}
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s(y,Z,t) = {

1
y=——— (1)
Vv 1 4 24
1, if y¢ = ‘er’ and palatal(x:) = true

), otherwise
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SNA{"}_{1},\ldots ,NA{'}_{k}$ the $k$ Gaussian components nearest N{, Ve ,N;, the k£ Gaussian components nearest to speech
T T I L TN T R (o) R U Ty AT S G LG ARG G LT frame o in terms of Mahalanobis distance, and the dynamical
and the dynamical output distribution is evaluated as follows. output distribution is evaluated as follows.

O ME
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O \usepackage{enumerate}

O \begin{enumerate} ... \end{enumerate}
EEHER".", BIAK"(1)"

begin{enumerate}[1.~]
item Acquire carionical transcriptions with time,
item Obtain alternative transcriptions.

Acquire canonical transcriptions with time.
Obtain alternative transcriptions.

Generate reliable accent specific unit candidates.
Select reliable accent specific units.

R S

item Generate reiiable accent specific unit candidates.
item Select reliable accent specific units.
end{enumerate}
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\usepackage{listings, xcolor}

\lstset{language=[ASM]Assembler,keywordstyle={\color{blue}}, keyw
ordstyle=[2]{\color{magenta}}, keywordstyle=[3]{\color{red}}}

\begin{lstlisting} START:

START: MOV AX, DATA
MOV AX, DATA MOV DS, AX
MOV DS, AX MOV AX, EXTRA
MOV AX, EXTRA MOV ES, AX
MOV ES, AX MOV X, 30
MOV CX, 3@ MOV DI, 0

MOV DI, @
\end{lstlisting}

o JE
HEEL I \footnote{...}; 5| H JEIVF \thefootnotef...}

& hr 52 \STYLE= \arabic, \roman, \Roman, \alpha,
\Alpha, \fnsymbol

\renewcommand{\thefootnote}{\STYLE {footnote}}
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author = "J.-L. Gauvain and C.-H. Lee", gﬁ%ljiﬁj(—%

title = "Maximum a Posteriori Estimation for
Multivariate {G}aussian Mixture Observations of {M}arkov
Chains",

journal = "IEEE Transactions on Speech and Audio

[7] J.-L. Gauvain and C.-H. Lee, “Maximum a posteriori estimation for multivariate
Gaussian mixture observations of Markov chains," IEEE Transactions on Speech
and Audio Processing, vol. 2, pp. 291-298, Apr. 1994,
C. J. Leggetter and P. C. Woodland, “Maximum likelihood linear regression for
volume A speaker adaptation of continuous density hidden Markov models,” Computer Speech
month apr, Language, vol. 9, pp. 171185, Apr. 1995,
year "1994",
pages = "291-298"
}

Processing"”, (8]

fEsample.tex XY 4T 5| H

Maximum a posteriori (MAP) \cite{chlee_1994} and maximum Maximum a posteriori (MAP) [7] and maximum likelihood linear
likelihood linear regression (MLLR) \cite{woodland_1995} are regression (MLLR) [8] are always applied to adapt the standard
always applied to adapt the standard models. models.

fEsample.tex CAYFHHEEN 5| H I SCHR ;522 SRR 28 M TEEEbib.bst

\bibliographystyle{IEEEbib}
\bibliography{sample}

\end{document}
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Conventional methods handle impact of accent by focusing on

Conventional methods handle impact of accent by focusing on
[T P Tyt o L e Ty I oY (Y T T Tolo VT oo ol (o Loy m A ol T -y sl o e 1o Y pronunciation modelling for acoustic or phonetic accent changes at
at different levels \cite{ghding_2008,kim_2009,saraclar_2000}. different levels [4-6].
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